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Variables Coef. Std.  Zwalue ¢ & & ¢ 9@ © 0S8
Estimate  Error s S S "'
Intercept -4.270 321  -13.308™ Predictor Variables w/ large Cohen’s d effect size
N You (1)(2); 8;(5) 4 22;3;’ Category Cohen’s D Effect Size
n oat‘i-hvrf ' ’ ’ You .083(negligible)
Anger .006 041 150 Negative emotion .830(large)
Biology -.235 .065 -3.633™ Anger .865(large)
Body 281 .054 5.166:: Biology 1.100(large)
Health 296 .071 4.179 Body 816(large)
Sexual 428 .068 6.308™" Health 300 1
Ingestion 248 077 3215 = -300(small)
Death 496 060 8.328"" Sexual 1.067(large)
Swear 169 034 4943 Ingestion -:309(small)
Death .438(small)
Predictive model: Swear 1.248(large)

- (%) = —4.270 +.007you + .127negemo + .006anger — .235bio + .281body +
.296health + .428sexual + .248ingest + .496death + .169swear
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