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Abstract

Study	Framework

Predictive	analytics	modelling	provides	
preventative	confirmation	to	mitigate	
psychological	harm	and	protect	against	
victimization	by	identifying	cyberbullying	
“hotspots”	on	social	media.

Variables Coef.	
Estimate

Std.	
Error

Z-value

Intercept -4.270 .321 -13.308***
You .007 .025 .283

Negative 
emotion

.127 .030 4.287***

Anger .006 .041 .150
Biology -.235 .065 -3.633***
Body .281 .054 5.166***

Health .296 .071 4.179***
Sexual .428 .068 6.308***

Ingestion .248 .077 3.215***
Death .496 .060 8.328***
Swear .169 .034 4.943***

Logistic regression model
DV	=	Cyberbullying	(1=positive,	0=negative)
IV	(predictor	variables)	=	10	features	below

Conclusion	&	Contribution

Probability	of	cyberbully	using	charged	
language-action	cues

Classification	results	in	comparison	with	
Kasture (2015)	

Predictor	Variables	w/	large	Cohen’s	d	effect	size

Data	Analysis

The	study	contributes	a	predictive	
analytics	approach	to	detecting	
cyberbullying	“hotspots,”	by	identifying	
the	tendency	for	cyberbullying	based	on	
charged	language-action	cues.

Comparison	of	the	average	of	wordcount	
percentage

Predictive model:
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= −4.270+ .007𝑦𝑜𝑢 + .127𝑛𝑒𝑔𝑒𝑚𝑜 + .006𝑎𝑛𝑔𝑒𝑟 − .235𝑏𝑖𝑜 + .281𝑏𝑜𝑑𝑦 +
.296ℎ𝑒𝑎𝑙𝑡ℎ + .428𝑠𝑒𝑥𝑢𝑎𝑙 + .248𝑖𝑛𝑔𝑒𝑠𝑡 + .496𝑑𝑒𝑎𝑡ℎ + .169𝑠𝑤𝑒𝑎𝑟

Category Cohen’s	D	Effect	Size
You .083(negligible)

Negative emotion .830(large)
Anger .865(large)

Biology 1.100(large)
Body .816(large)

Health .300(small)
Sexual 1.067(large)

Ingestion .309(small)
Death .438(small)
Swear 1.248(large)

Results	and	Findings


