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What can be done?¢
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Age Estimation
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Age Estimation approaches

Anthropometric approaches

» measure sizes and proportions of human faces.

» (Ramanathan and Chellappa, 2006)
Biologically Inspired Features

» (Guo etal., 2009)

» Improve when manifold learning uses BIF
Standard Linear SVM

» (Eidengeretal., 2014)

» age and gender estimation using SVM
VGG16

» (Rothe et al., 2016)

» Deep learning , IMDB-WIKI (3.25 years)
Humans

» 2.07-8.62

» Own Age, Age and Difference



Datasets

j Underage

Age, Gender

‘:_mf. iy VisAGe

i 2;-:‘?;%1 IMDB-WIKI, FERET, MEDS
« 16K Images.

« [80, 20]% Training & Validation.

« 1K for Testing (UTKFace and Dataset

generator Anda et al., 2018 ).
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Age and Gender annotations by Voting System. | ' ‘ -

Underage Dataset [1 -18] y/o.
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DCA Contour Technigue 8
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Results

Preprocessing Techniques

Approach

DCA

Face++ contour

Dlib contour aligned
Dlib contour non-aligned
Dlib cropped

Non-processed

Age Estimators

Approach

DeepUAge Validation
DeepUAge Test
Microsoft Azure Face API
Amazon Rekognition

Dummy estimator (All assumed
10y/o)

Face++

IMDB-WIKI WideResNet [9]
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Conclusion

» Impact accuracy of DL models
» Validation of data
» Reduction of unnecessary features
» Small problem
» Guidelines for underage age estimation
» Balanced Images
» Preprocessing

» Background Noise elimination
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